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Evaluation paradigms for conversational Al in healthcare: Systematic review
LIAO Wei-zhen, HAN You-li, MA Cheng-yu
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[Abstract] Objective: This study aims to systematically review the current evaluation paradigms of
conversational Al in healthcare and provide insights to facilitate the development of a comprehensive evaluation
framework and methodological advancements in this field. Methods: A systematic review was conducted by searching
the PubMed and Web of Science databases to analyze the existing evaluation paradigms of healthcare conversational
AI, including evaluation subjects, assessment metrics, and evaluation methodologies. Results: A total of 60 studies
were included in this review. The findings indicate that most evaluation subjects focus on general-purpose large
language models. The assessment metrics cover five key dimensions: technical performance, information quality,
clinical effectiveness, user experience, and ethics and safety. However, there were significant differences in the
evaluation criteria used in existing studies. There were also issues such as a low degree of alignment between the
evaluation questions and the application scenarios, as well as a lack of diversity in the roles of the evaluators.
Conclusions: The current evaluation framework for healthcare conversational Al remains underdeveloped. Future
improvements should focus on broadening model coverage, enhancing the comprehensiveness of evaluation
indicators, standardizing evaluation methods, improving the operationalizability of test content, and expanding the

scalability of evaluation languages.
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